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# select encoding model/modality
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+  collection = "all-MiniLM-L6-v2', table_name = "equations', column_name = 'equation_content’
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 NeuSym-RAG remarkably outperforms Classic RAG on all datasets. - Two-stage Neu-RAG (multi-view) beats Classic RAG.
« VLMs perform better in tasks that require vision capability. » Hybrid RAG (more views) improves further.
- Open-source LLMs are capable of handling this interactive procedure in -« Iterative methods outperforms two-stage ones.
a zeroshot paradigm, and even better than some closed-source models. . As turn increases, objective score rises faster.
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